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“Standing on the shoulders of giants”

Sir Isaac Newton
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| do not know what | may appear
to the world, but to myself | seem
to have been only like a boy
playing on the sea-shore, and
diverting myself in now and then
finding a smoother pebble or a
prettier shell than ordinary, whilst
the great ocean of truth lay all
undiscovered before me.

Source: https://en.wikipedia.org/wiki/lsaac_Newton



Do you know how Machine Learning
really works?
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Source: https://en.wikipedia.org/wiki/Alan_Turing

Can computers think?

Can computers be
conscious?

Can computers fall in love?

Can computers create art,
music or poetry?
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Source: https://en.wikipedia.org/wiki/Turing_test



Alan Turing’s Predictions

That by 2000, 50 years after this paper was published:

e Machines with TOOMB of storage will be able to fool 30% of humans
iIn a dmin test

e People will no longer consider the term “thinking machine”
contradictory

e Machine learning is important



Modelling The Brain
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%® Three Rules of MENACE

e |[o0se » remove 1 bead from each box

e Win » add 3 beads to each box

e Draw » add 1 bead to each box
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Matchboxes To Rule The World










What Are We Doing In Our Research
Projects?
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All rights reserved

A wealth of historical data has been collected by the IAPT programme over the last 10 years. With the
SAPIO project, we aim to use this anonymised data to assist therapists by providing information about
treatment pathways that have been effective for groups of patients with shared characteristics.

As a valued collaborator, we welcome your ideas, input and feedback on these first prototypes where we
explore the use of predictive modelling and machine learning to establish patterns of patient engagement
and activity from triage to treatment.
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¥ Mayden » Patient insights: Engagement predictions
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Thank you for listening

Any questions?




Breakout session 2

With engagement predictions available in iaptus, how might you
use that information?

What are your first impressions of the supervision tool?

Where in iaptus would you like to see predictive insights added?
What new information do you wish you knew about your
patients?




